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 Abstract: This journal paper examines the transformative role of Artificial Intelligence (AI) 
and Machine Learning (ML) in shaping human psychology. It investigates how cognitive pro-
cesses, emotional states, and social interactions are impacted by AI and ML technology. The 
use of AI and ML in psychology is covered in this study, covering social behaviour analysis, 
emotion identification, mental health assessment, and personalised therapies. It also explores 
the moral issues and prospective effects of AI and ML in comprehending and influencing hu-
man psychology. This paper emphasises the enormous influence of AI and ML on the compre-
hension and research of human psychology through a thorough analysis of pertinent literature 
and empirical evidence. This paper seeks to offer a thorough explanation of the profound ef-
fects that AI and ML have had on psychology. We will offer insight into the possible ad-
vantages, difficulties, and ethical issues that occur when integrating AI and ML into the study 
of human psychology by looking at recent developments and implementations of these tech-
nologies in psychological research. We will also look at how other areas of psychology, such 
as cognitive psychology, clinical psychology, social psychology, and neurology, have been 
impacted by AI and ML. 
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1. INTRODUCTION 

Numerous facets of our lives, from healthcare and bank-
ing to transportation and entertainment, have been revolu-
tionised by developments in artificial intelligence (AI) and 
machine learning (ML) technology. Human psychology is 
one of the many industries being altered by modern technol-
ogies, and it is a field that is both fascinating and evolving 
quickly. The use of AI and ML in psychology has resulted in 
a paradigm shift that has created new potential for studying 
and improving human cognition, behaviour, and mental 
health as well as ground-breaking discoveries and cutting-
edge approaches. Introspection, observation, and experi-
mental methods have been heavily used in the conventional 
approach to researching human psychology. These tech-
niques have produced important insights, but they are fre-
quently constrained by subjectivity, reliance on small sample 
sizes, and practical considerations. However, the develop-
ment of AI and ML has brought about strong tools and 
methodologies that support conventional psychological re-
search, enabling scholars to delve into uncharted waters and  
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discover new facets of human cognition and behaviour. Fig. 
(1) illustrates how AI and machine learning are used to find 
out about human psychology. 

Personalised therapeutic platforms, chatbots, and intelli-
gent virtual agents have all been made possible by AI and 
ML technology. In the context of mental health interven-
tions, these technologies have demonstrated encouraging 
results, offering people easily accessible and personalised 
support. Therapists can improve the effectiveness of their 
interventions by utilising AI and ML, and patients can have 
access to individualised treatment plans and continuing sup-
port while overcoming the limitations of time, money, and 
availability frequently associated with conventional therapy 
procedures. 
2. AI AND MACHINE LEARNING IN EMOTION 
RECOGNITION 

Exploration of how AI and ML techniques can analyse 
facial expressions, vocal cues, and physiological signals to 
accurately recognize and interpret human emotions. 

2.1. Facial Expression Analysis 
AI and ML algorithms play a crucial role in analysing fa-

cial expressions to recognize emotions. Deep learning  
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Fig. (1). Flowchart for finding on human psychology using AI and 
ML. 

 
techniques, such as convolutional neural networks (CNNs) 
and recurrent neural networks (RNNs), have shown signifi-
cant advancements in facial expression recognition [1].  

2.2. Speech Analysis 

AI and ML techniques are employed to analyze speech 
patterns, including tone, pitch, and vocal features, to recog-
nize emotional states. Machine learning models, such as 
support vector machines (SVMs) and hidden Markov models 
(HMMs), have been used for speech-based emotion recogni-
tion [2]. 

2.3. Physiological Signal Processing 

AI and ML algorithms are applied to process physiologi-
cal signals, such as heart rate, skin conductance, and electro-
encephalogram (EEG) data, to infer emotional states. Feature 
extraction techniques and machine learning models, such as 
random forests and support vector regression, are commonly 
used in physiological-based emotion recognition [3].  

2.4. Multimodal Fusion 

To increase the precision of emotion recognition, AI and 
ML enable the merging of several modalities, including faci-
al expressions, speech, and physiological information. Re-
current fusion models and multimodal fusion networks 
among other deep learning architectures have demonstrated 
promising outcomes in multimodal emotion recognition [4]. 

3. AI AND ML IN MENTAL HEALTH ASSESSMENT 
AND INTERVENTION 

Examining the role that AI and ML algorithms can play 
in the prevention, early identification, and effective treatment 
of mental health issues. An example of intelligent interven-
tions using chatbots, virtual therapists, and AI and ML to 
offer individualised mental health assistance.  

3.1. Early Detection and Diagnosis 

AI and ML algorithms play a significant role in the early 
detection and diagnosis of mental health disorders. Machine 
learning models applied to various data sources, such as 
electronic health records, social media data, and self-reported 
questionnaires, can assist in identifying patterns and risk 
factors associated with mental health conditions [5].  

3.2. Personalized Interventions 

These tools can examine a person's traits, medical histo-
ry, and reaction information to create personalised treatment 
plans and suggest suitable therapies. Delivering personalised 
mental health interventions has been made possible by intel-
ligent systems and virtual agents that use AI and ML tech-
niques [6].  

3.3. Prediction and Risk Assessment 

To forecast and evaluate a person's risk for mental health 
difficulties, AI and ML algorithms can investigate a variety 
of data sources, including physiological data, behavioural 
patterns, and self-reported information [7]. These technolog-
ical advancements can help in locating potential indicators 
and precipitating factors for mental health conditions [8].  

3.4. Digital Therapeutics and Self-help Tools 

Digital treatments and self-help tools for mental health 
are being developed using AI and ML. To assist people in 
managing their mental health, these technologies can offer 
automated interventions, cognitive-behavioral therapy mod-
ules, mood tracking, and mindfulness apps [9]. 

4. AI AND ML IN PERSONALIZED INTERVENTIONS 

Analysis of how AI and ML can be leveraged to develop 
personalized interventions tailored to an individual's psycho-
logical profile and specific needs [7]. Discussion of AI-based 
adaptive learning systems, cognitive training programs, and 
virtual reality therapies that enhance psychological well-
being. 

4.1. Tailored Treatment Plans 

For a variety of mental health issues, AI and ML algo-
rithms can assess a patient's unique traits, medical history, 
and reaction information to provide individualised therapy 
regimens. These technologies give medical professionals the 
ability to tailor interventions to a patient's unique needs, im-
proving the efficacy of treatment results [10].  
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4.2. Intelligent Virtual Agents 

The creation of intelligent virtual agents that offer indi-
vidualised mental health interventions is made possible by 
AI and ML approaches [11]. These virtual assistants can 
converse in natural language, provide therapeutic direction, 
track progress, and modify interventions in response to real-
time feedback from the person [12]. 

4.3. Adaptive Learning Systems 

AI and ML algorithms make it possible to create adaptive 
learning systems that can dynamically change how educa-
tional content and interventions are delivered based on a 
student's progress, preferences, and learning preferences. To 
maximise engagement and information retention in mental 
health interventions, these technologies personalise the 
learning experience [13]. 

4.4. Mobile and Wearable Technologies 

To provide individualised mental health interventions, AI 
and ML can use data from mobile and wearable technology, 
such as smartphones and activity trackers [14]. In order to 
assist people in maintaining their mental well-being, these 
technologies can monitor physiological signals, track behav-
iours, and offer real-time feedback and interventions [15].   

5. AI AND ML IN SOCIAL BEHAVIOR ANALYSIS 

Analysing social media data, communication patterns, 
and social networks using AI and ML approaches to better 
understand social dynamics and human behaviour [16]. The 
effects of AI-based social behaviour analysis in domains 
including online behaviour monitoring, sentiment analysis, 
and social influence are discussed. 

5.1. Social Interaction Understanding 

In order to comprehend social interactions, AI and ML 
approaches are used to analyse social behaviour patterns, 
including body language, facial expressions, and voice [17]. 
Understanding social dynamics and behaviours is made easi-
er by machine learning models, including deep learning ar-
chitectures that can automatically recognise and interpret 
social signs [18].  

5.2. Sentiment Analysis 

Sentiment analysis uses AI and ML algorithms to com-
prehend and categorise emotions expressed in social media 
postings, online reviews, and other textual data. Automated 
sentiment and opinion analysis is made possible by natural 
language processing methods, such as deep learning models 
like recurrent neural networks (RNNs) and transformers 
[19].  

5.3. Social Network Analysis 

AI and ML methods are applied to analyze social net-
work data, including connectivity, interactions, and infor-
mation diffusion [20]. Network analysis techniques, such as 
graph algorithms and clustering methods, help identify 

community structures, influential individuals, and patterns of 
social influence [21].  

5.4. Behavioral Prediction and Modeling 

AI and ML models can predict and model social behav-
iors based on historical data and contextual factors [22]. 
These models can analyze factors like demographics, loca-
tion, and past behavior to anticipate future social interactions 
and behavior patterns [23].  

6. ETHICAL CONSIDERATIONS AND IMPLICA-
TIONS 

Examination of the ethical considerations surrounding 
the use of AI and ML in understanding and modifying hu-
man psychology, including privacy, bias, and informed con-
sent [24]. Discussion of the potential impact on human agen-
cy, autonomy, and the potential for AI-driven manipulation 
of psychological states. 

6.1. Bias and Fairness 

AI and ML systems can inadvertently perpetuate biases 
present in training data, leading to unfair outcomes and dis-
criminatory practices. Research focuses on developing algo-
rithms and techniques to mitigate bias, enhance fairness, and 
ensure equitable decision-making processes in AI systems 
[25].  

6.2. Privacy and Data Protection 

AI and ML applications often require large amounts of 
personal data for training and decision-making [26]. Ethical 
considerations revolve around privacy protection, data anon-
ymization, and ensuring informed consent. Research focuses 
on developing privacy-preserving AI techniques and frame-
works to safeguard sensitive information [27]. 

6.3. Transparency and Accountability of AI Systems 

AI and ML models often operate as black boxes, making 
it challenging to interpret and explain their decision-making 
processes [28]. Ethical concerns arise regarding the transpar-
ency and accountability of AI systems. Research focuses on 
developing explainable AI techniques and interpretability 
frameworks to enhance transparency and provide justifica-
tions for AI decisions [29].   

6.4. Social Impact and Human Autonomy 

AI and ML systems have the potential to influence hu-
man behavior and decision-making, impacting individual 
autonomy and societal well-being [30]. Ethical considera-
tions revolve around assessing and minimizing negative so-
cial consequences while ensuring human values and agency 
are preserved. Research focuses on developing frameworks 
for value-aligned AI and human-centric approaches [31].   

7. APPLICATION SCENARIOS IN PSYCHOLOGY 
AND AI IMPACT 

These are specific areas or situations within the field of 
psychology where AI is being used to address challenges, 
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improve processes, or generate new insights. Examples of 
application scenarios include mental health assessment, ther-
apeutic interventions, relationship analysis, emotion recogni-
tion, and more. This refers to the effects and outcomes that 
result from the implementation of AI technologies within 
these application scenarios. AI impact can encompass im-
provements in accuracy, efficiency, effectiveness, decision-
making, and the generation of new knowledge or insights. 
Table 1 summarizes practical examples of AI breakthroughs 
and their widespread applications in the field of psychologi-
cal intervention and treatment [32, 36]. 

More detailed information about the application scenari-
os of AI in psychology, focusing on marital relationships and 
social relationships, along with specific references for each 
scenario. 

7.1. Marital Relationships 

AI technologies can play a significant role in improving 
marital relationships by analyzing communication patterns, 
providing insights into emotional dynamics, and offering 
personalized interventions [37]. AI algorithms can analyze 
couples' verbal and non-verbal communication patterns, 
identifying positive and negative interactions. This analysis 
helps therapists and couples gain insights into effective 
communication strategies. AI can detect emotional cues from 
voice tone, facial expressions, and text. This enables thera-
pists to understand emotional dynamics during conversations 
and address potential conflicts [38].  

AI models can predict relationship satisfaction and poten-
tial issues based on historical data, helping couples and ther-
apists proactively address challenges. 

7.2. Social Relationships 

AI has the potential to revolutionize the understanding 
and management of social relationships. From analyzing 
online interactions to predicting loneliness and enhancing 
social connectedness. AI algorithms can analyze social me-
dia interactions to gain insights into individuals' social net-
works, communication patterns, and emotional expressions 
[39]. AI can identify linguistic cues and behavioral patterns 
in text and social media posts to detect signs of loneliness or 
social isolation [40]. AI models can predict changes in social 
behavior, helping researchers and practitioners anticipate 
shifts in social relationships. 

 

8. DEEP LEARNING METHODS IN MENTAL 
HEALTH 

Deep learning methods have been employed in various 
aspects of mental health assessment, such as diagnosing dis-
orders, predicting treatment outcomes, and detecting early 
signs of psychological conditions. These methods leverage 
the power of neural networks to analyze complex patterns in 
data, including text, images, and physiological signals. Table 
2 outlines the role of different deep learning methods in the 
fields of Mental Health Assessment, Intervention, and Per-
sonalized Interventions. Please note that while I can provide 
a general overview, you might need to refer to specific 
sources and research papers for detailed information on each 
method. 

8.1. Natural Language Processing (NLP) 

NLP techniques, often based on deep learning architec-
tures like recurrent neural networks (RNNs) or transformers, 
are used to analyze text data from patient interviews, social 
media, and clinical notes. These methods help in sentiment 
analysis, emotion detection, and identifying linguistic mark-
ers associated with specific mental health conditions [41]. 

8.2. Image Analysis 

Deep Convolutional Neural Networks (CNNs) are used 
to analyze brain imaging data (such as fMRI or MRI scans) 
to identify structural and functional abnormalities associated 
with mental health disorders like depression, schizophrenia, 
and anxiety [42]. 

8.3. Predictive Modeling 

Deep learning methods are also utilized to develop per-
sonalized interventions, predict treatment outcomes, and 
enhance the effectiveness of mental health interventions 
Deep learning models can predict treatment response and 
relapse risk based on historical patient data. These models 
assist clinicians in tailoring interventions to individual needs 
[43]. 

8.4. Personalized Therapy Recommendations 

Deep learning models can suggest personalized therapeu-
tic strategies based on an individual's profile, symptoms, and 
response to previous interventions [44]. 

 

Table 1. Applications in the field of psychological intervention. 

AI Breakthrough Widespread Application 

Chatbots and Virtual Therapists Providing immediate support and therapy for individuals with mental health issues [32]. 

Personalized Treatment Plans Tailoring therapeutic interventions to the unique needs of each patient [33]. 

Early Detection and Prevention Identifying early signs of mental health challenges and facilitating timely interventions [34]. 

Teletherapy and Remote Monitoring Enhancing remote mental health services, including therapy and monitoring [35]. 

Improving Access to Mental Health Care Expanding access to mental health services, especially in underserved areas [36]. For personal private use only. 
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9. NOVELTY OF AI APPLICATIONS IN PSYCHOL-
OGY 

To gain insights into the intricacies of the human mind, 
psychologists have traditionally relied on numerous research 
methodologies such as surveys, experiments, and clinical 
observations. However, the application of artificial intelli-
gence (AI) in psychology in recent years has added a new 
dimension to the study of human behaviour and brain pro-
cesses. The following points investigate the originality of AI 
applications in psychology and emphasise the discipline's 
hopeful future. 

9.1. AI-Powered Data Analysis 

The ability of AI to analyse large datasets with extraordi-
nary speed and precision is one of the most significant ad-
vances AI has brought to psychology. Psychologists have 
traditionally gathered information from a variety of sources, 
including surveys, psychological evaluations, and neuroim-
aging research. AI algorithms, particularly machine learning 
approaches, can process big datasets to reveal hidden pat-
terns and insights that people would struggle to detect. 

For example, artificial intelligence can analyse social 
media posts to spot patterns in mental health and emotional 
well-being. Researchers have built algorithms that can accu-
rately predict sadness, anxiety, and other mental health prob-
lems based on the language used in tweets or Facebook 
posts. This novel technique not only gives important insights 
into population-level mental health, but also opens up new 
avenues for early intervention and assistance. 

9.2. Personalized Mental Health Interventions 

By providing personalised solutions, AI-powered appli-
cations have the potential to revolutionise mental health care. 
Individuals suffering from mental health concerns can re-
ceive rapid assistance from chatbots and virtual therapists 
equipped with AI-driven natural language processing. Based 
on the user's specific needs and emotional condition, these 
virtual companions can converse, offer coping tactics, and 
provide resources. 

AI can also help therapists and clinicians by analysing 
patient data and customising therapy regimens. AI can in-
crease therapy effectiveness and results for persons seeking 
mental health care by continuously evaluating patient devel-
opment and modifying therapies as needed. 

9.3. Understanding Brain Function 

When examining brain function, neuroimaging tech-
niques such as functional magnetic resonance imaging 
(fMRI) and electroencephalography (EEG) create massive 
volumes of complex data. This data can be processed by AI 
algorithms to reveal detailed patterns and connections 
throughout the brain, offering light on how different regions 
interact during various cognitive processes and emotional 
states. 

Furthermore, AI has aided in the creation of brain-
computer interfaces (BCIs), which can help people with neu-
rological problems. BCIs enable persons with impairments 
such as paralysis to control gadgets and communicate using 
only their thoughts. These extraordinary breakthroughs not 
only improve the quality of life for persons suffering from 

Table 2. Role of different deep learning methods in the fields of mental health assessment, intervention, and personalized interven-
tions. 

Deep Learning Method Role in Mental Health Application in Intervention Personalized Interventions 

Natural Language Pro-
cessing (NLP) 

Analyzing text data to identify linguistic 
markers of mental health conditions, 

sentiment analysis, and emotion detec-
tion. 

Chatbots provide real-time support, 
sentiment-based interventions, and 
analyzing therapy sessions' tran-

scripts. 

Tailoring interventions based on emo-
tion analysis, generating personalized 

coping strategies. 

Convolutional Neural 
Networks (CNNs) 

Analyzing brain imaging data to detect 
structural and functional abnormalities in 

mental health disorders. 

Visualizing brain activity changes 
during therapy, identifying patterns 
associated with treatment response. 

Identifying personalized therapeutic 
approaches based on brain activity 

patterns. 

Recurrent Neural Net-
works (RNNs) 

Analyzing temporal data like physiologi-
cal signals or patient records to predict 

treatment outcomes. 

Predicting patient response to inter-
ventions, and adapting therapy strate-

gies in real-time. 

Customizing intervention plans based 
on predicted treatment trajectories. 

Generative Adversarial 
Networks (GANs) 

Generating synthetic data for training and 
research purposes, aiding in data augmen-

tation. 

Creating virtual therapy environ-
ments, simulating patient scenarios 

for therapist training. 

Designing personalized exposure 
therapies, and simulating patient-

specific coping scenarios. 

Long Short-Term 
Memory (LSTM) Net-

works 

Analyzing time-series data such as physi-
ological signals to predict mood changes 

or emotional states. 

Real-time mood tracking and alerts 
for patients and therapists, adaptive 

interventions. 

Designing interventions that adapt to 
patients' changing emotional states 

over time. 

Attention Mechanisms Focusing on relevant parts of input data, 
improves the understanding of complex 

relationships. 

Identifying critical aspects in therapy 
sessions, and enhancing personalized 

intervention strategies. 

Adapting interventions based on atten-
tion to patient's emotional cues during 

therapy. 
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neurological illnesses but also provide unique insights into 
the functioning of the human brain. 

9.4. Ethical Considerations and Challenges 

While the use of artificial intelligence in psychology has 
immense promise, it also presents ethical difficulties. Re-
searchers and practitioners must handle crucial issues such as 
privacy, data security, and the possibility of algorithmic bias. 
It is critical to ensure that AI systems are transparent, fair, 
and respectful of human' rights. 

Additionally, there is the risk of overreliance on AI in the 
field of psychology. Human intuition, empathy, and ethical 
judgment are essential components of mental health care that 
AI cannot completely replace. As a result, finding a happy 
medium between AI aid and human skill is critical. 

10. CHALLENGE AND DIRECTIONS 

Artificial Intelligence (AI) has the potential to revolution-
ize various aspects of the field of psychology, from assess-
ment and diagnosis to treatment and therapy. However, it 
also brings about several challenges and ethical considera-
tions. Here are some of the challenges faced by AI in the 
field of psychology: 
1. Data Quality and Bias: AI algorithms heavily depend 

on data for training, and if the data used is biased or of 
poor quality, it can lead to biased and inaccurate results 
in psychological applications. Biases in data can per-
petuate stereotypes and lead to unfair or inappropriate 
conclusions. 

2. Interpretability: Many AI models, especially deep 
learning models, are often referred to as "black boxes" 
because their decision-making processes are not easily 
interpretable by humans. This lack of transparency can 
be problematic in psychology, where understanding the 
reasoning behind decisions is crucial. 

3. Privacy and Security: Collecting and analyzing sensi-
tive psychological data raises significant concerns 
about privacy and security. Ensuring the confidentiality 
and protection of patient information becomes para-
mount. 

4. Human-AI Interaction: Integrating AI into therapy or 
counseling contexts requires careful consideration of 
how AI interacts with humans. Striking the right bal-
ance between automated interventions and human in-
volvement is essential. 

5. Ethical Concerns: The use of AI in psychology raises 
ethical questions related to patient autonomy, informed 
consent, accountability, and the potential dehumaniza-
tion of therapeutic interactions [45]. 

6. Subjectivity and Interpretation: Human behavior and 
psychology are often nuanced and subject to interpreta-
tion. Developing AI models that accurately capture and 
interpret these nuances can be difficult, especially when 
dealing with emotions, language, and cultural variations 
[46]. 

7. Lack of Human-Like Understanding: Developing AI 
systems that truly understand human emotions, inten-

tions, and social cues is complex. Mimicking human-
like emotional intelligence is a challenge that requires 
interdisciplinary research. 

8. Interdisciplinary Nature: Successful AI applications 
in psychology require collaboration between AI re-
searchers, psychologists, and domain experts. Bridging 
the gap between these fields and effectively communi-
cating insights can be challenging. 

9. Long-Term Effects and Adaptation: AI interventions 
in mental health or behavior change need to account for 
the long-term effects and adapt to individual progress 
over time. Ensuring the efficacy and stability of AI-
driven interventions is a challenge. 

10. Lack of Common Frameworks: The field lacks 
standardized frameworks for evaluating the effective-
ness of AI interventions in psychology. Developing 
such frameworks is important for establishing best 
practices. 

11. FUTURE ASPECTS 

More sophisticated data analysis methods will be devel-
oped in the future of AI and ML in human psychology. Deep 
learning architectures, natural language processing, and 
computer vision can all be used to analyse complex psycho-
logical data, including social media interactions, sensor data, 
and data from brain imaging [47]. These algorithms can be 
used for early mental health issue diagnosis and predictive 
modelling. AI systems can assist in identifying people who 
are at risk of developing psychological problems and ena-
bling early intervention by analysing trends in large-scale 
information, such as electronic health records and digital 
biomarkers [48]. The use of simulation and virtual reality 
(VR) technology will be a key component of these methods 
in human psychology in the future. For therapeutic interven-
tions like social skills training and exposure therapy, VR can 
create immersive settings. Based on a person's unique de-
mands, ML algorithms can adjust and customise these virtual 
experiences [49].  

An emphasis on moral and responsible AI practises is 
necessary for the future direction of AI and ML in human 
psychology. In order to address issues of bias, privacy, and 
transparency in AI systems, norms and frameworks must be 
developed. For the sake of preserving trust and defending 
individual rights, it is essential to ensure the ethical use of AI 
in psychiatric examinations and interventions [50]. Integra-
tion of human and AI expertise is crucial for the future of AI 
and ML in human psychology [51]. More precise psycholog-
ical assessments, treatment planning, and intervention are 
possible with collaborative systems that combine the ad-
vantages of AI algorithms with human intuition and subject-
matter expertise. The effectiveness and efficiency of psycho-
logical therapies may be improved by this combination [52, 
53].  

CONCLUSION 

The boundaries of human psychology have been consid-
erably enlarged by the predictive modelling capabilities of 
AI and ML. Psychologists can forecast psychological states, 
such as the likelihood of acquiring specific mental health 
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illnesses or the possible response to different treatment mo-
dalities, by utilising algorithms and machine learning mod-
els. Clinicians are more equipped to make wise decisions and 
initiate early interventions thanks to these prognostic in-
sights. Table 3 shows how AI and ML have affected several 
facets of human psychology. 

In conclusion, there is no disputing how AI and machine 
learning have had a profound impact on the human psyche. 
Data analysis, behavioural insights, personalised therapy, 
predictive modelling, and neurological research have all 
been transformed by these technologies. Psychologists can 
improve our understanding of the brain by using AI and ML 
to develop personalised interventions, forecast psychological 
states, and get deeper insights into how people behave. To 
guarantee that these technologies are used responsibly and 
ethically for the benefit of both individuals and society as a 
whole, it is essential to address ethical issues. With enhanced 
diagnosis, therapies, and general psychological well-being, 
AI and ML have a tremendous amount of promise to contin-
ue reshaping the field of human psychology in the future. 
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